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Abstract

The software program design course practice assessment of higher education self-study examination usually adopts open
programming questions, and plagiarism detection is an important task to evaluate students to submit programming homework.
This paper proposes a deep learning-based similarity detection model to solve the problem of cross-morphological similarity
detection between source code and binary code. The control flow graph information is extracted through Joern and IDA Pro tools,
and multimodal features such as sequence token, character font and control flow graph structure are fused, which are processed
by a semantic encoding network to generate representative vectors. This paper introduces a contrast-learning model for extracting
semantic features of binary code. Triplet loss-guided representation learning is used to adjust the feature representation of the source
code with the binary code to achieve code similarity detection across morphologies. Experimental results show that the proposed
method maintains a high accuracy of 93.21% in the presence of compilation interference. Future research directions include further
analysis of the contributions of each mode feature and exploring the possibility of introducing new modes for similarity detection.
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