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Big Data Processing and Analysis Study Based on Hadoop
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Abstract

In the rapid development of information technology, big data has become an important force in promoting industrial upgrading and
social progress. Hadoop is an open-source big data processing framework with high scalability and strong distributed processing
capabilities, making it an important tool for professionals to process and analyze big data. For the purpose of improving the
effectiveness of big data processing, this paper will use Hadoop technology to build a big data platform. In practical research, the
author first introduces big data and its processing technology, then analyzes the big data processing flow based on Hadoop, and finally
builds a big data platform based on Hadoop, hoping to provide some reference for relevant personnel to process and analyze big data.
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