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Multi-level emotion classification based on BERT
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Abstract

Aspect-level sentiment analysis hinges on accurately establishing the association between aspect terms and their corresponding
opinion words. However, existing methods often fail to fully exploit contextual sentiment knowledge and capture deep semantic
features. To address these limitations, this paper proposes a BERT-based multi-feature fusion model. First, a sentiment lexicon
is utilized to extract sentiment information from the context, and sentiment knowledge weighting is applied to enhance syntactic
dependency relations, thereby constructing a syntactic sentiment graph convolutional network. Second, a dual-layer attention
mechanism is designed, integrating self-attention and interactive attention to further capture intra-sentence semantic information
and reinforce the interaction between aspect terms and the surrounding context. Additionally, deep features from the second-layer
attention mechanism are extracted to improve the accuracy of sentiment polarity prediction. By dynamically integrating syntactic
sentiment features, attention-based features, and global features, the proposed model constructs a more comprehensive sentiment
representation. Experimental results on three publicly available datasets demonstrate the effectiveness of the proposed approach.
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