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Abstract

Lipstick is an important part of makeup.In recent years, the cosmetics industry has developed rapidly, and more and more cosmetics
brands appear in people’s vision, and MAC has more and more competitors.In order to make merchants produce lipstick more com-
patible with consumers and increase their sales.Among these many factors that affect lipstick sales, By using a random forest model,
the naive Bayes Algorithm analyzing which factors are crucial to lipstick sales, which predict merchant sales, And introduce the algo-
rithm process in detail.
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