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Abstract

Aiming at the current problems of pedestrian detection anchor size mismatch and feature scale discontinuity that would affect detection
accuracy, an improved pedestrian detection algorithm based on YOLOvV3 was proposed. This paper uses Guided anchoring to generate
anchors, incorporates adaptive spatial feature fusion. The test results on the intersection pedestrian dataset show that the mAP of the im-
proved YOLOV3 pedestrian detection algorithm reaches 95.56%, which improves the detection accuracy.
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